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Abstract

This study aimed to explore the role of artificial intelligence (Al) in advanced big data analytics,
focusing on applications and algorithms that contribute to enhancing analytical efficiency and
supporting decision-making processes. To achieve this objective, the study employed a
descriptive-analytical methodology, reviewing the fundamental concepts of Al and big data
analytics, in addition to classifying the applications used based on their analytical functions.
The study utilized various tools, such as a theoretical review of recent sources and data analysis
of Al platforms like H20.ai and Azure Machine Learning, highlighting their capabilities in
processing both structured and unstructured data.

The study reached several key findings, most notably: the ability of Al to predict future trends,
improve organizational performance, and uncover hidden patterns in data. It also emphasized
the importance of addressing challenges related to data volume, velocity, and variety.
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The study recommended investing in the development of intelligent algorithms, enhancing
technical infrastructure, establishing legal and ethical frameworks to ensure responsible use,
and providing training programs for human resources to maximize the effectiveness of Al in
advanced analytics.
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